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What is FinTech Research? 

Is FinTech about Any Technology in Finance? 



Is FinTech About Any Technology in Finance? 

First ever example of ˝at money: jiaoqao, Yuan dynasty (1300s) 

Although current currency name is renminbi, still colloquial: yuan. 



Is FinTech About Any Technology in Finance? 

First ever ATM: US, 1969 



What is FinTech? 

D'Acunto and Oh (2021, in preparation): 
FinTech as Big and Open Data in Finance: A Survey 

FinTech as an area of research (and practice) is not about any 
technology in the ˝nancial domain 

De˝ning feature and why FinTech is recent: 

Big and Open Data 

The Four Rings of FinTech 



FinTech as Big & Open Data in Finance 

FinTech:

BIG & OPEN DATA 
IN FINANCE

Existing Empirical & 
Theoretical Instruments 

to understand big data in 
finance

AI/Machine Learning
Ridge, Lasso, etc.
Textual Analysis

New Empirical & 
Theoretical Pradigms

given open data in finance

Blockchain Technology

Using big open data to
advise non-expert 

households

Robo-advising
Income Aggregators

Apps in Finance

Using big open data to 
collect otherwise 
unavailable info

Surveys to elicit 
preferences, beliefs, 

perceptions, cognition

Source: D'Acunto (2020)�FinTech as Big and Open Data in Finance 



When Broadband Comes to Banks: Credit Supply, Market 

Structure, and Information Acquisition 

A. D'Andrea, M. Pelosi, E. Sette 



The Paper in One Picture 

Appendix A Additional Figures

Figure A1: A simple graph on Identification

Notes: Identification strategy. On the left, we report the pre-broadband period, namely the period
before 2002. Here, the distance of the municipality of the branch from the closest UGS is an irrelevant
feature. On the right, we report the post-broadband period. Once the ADSL is available, the distance of
the municipality of the branch from the closest UGS becomes crucial. The closer the municipality is to
the UGS, the lower the cost of accessing the new technology, and the higher the probability of being an
early adopter. We integrate this methodology with firm-time fixed effects to isolate credit supply.

Figure A2: Banks’ usage of web technologies

Notes: Bank usage of web technologies. This graph reports the percentage growth in the use of web
technologies by Italian banks, per type of activity, during the period 2001-2007. Source: Economic
Analysis - Italian Banking Association (ABI).
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Figure 3: Event study - Number of loans and Extended Credit
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Notes: DiD event-study. The treatment group is made up of banks in municipalities above the median
distance from the closest UGS (late adopters of ADSL). The control group is made up of banks in munic-
ipalities below the median distance from the closest UGS (early adopters of ADSL). Year 0 corresponds
to 2002, the first year in which broadband internet is available. The baseline year is 2001. On the x-axis,
are the relative years from broadband introduction. In the top panel, on the y-axis is Ln(N.Loans), the
natural logarithm of the number of loans issued by the branch. In the bottom panel, on the y-axis is
Ln(Ext. Credit), the natural logarithm of the total amount of credit granted by the branch.
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Less lending if farther away from UGS after ADSL internet di˙uses 

Banks with ADSL expand to other geographic markets 



Bene˝ts vs. Perils 

BENEFITS 

▶ More, cheaper, and more e°cient local lending 

PERILS 

▶ If a few banks expand geographically at the expense of local banks, what 
e˙ects on local market concentration? 

▶ How should we think about relevant geographic markets? 

▶ Should anti-trust regulation modify the relevant de˝nition of 
local lending markets? 



From Broadband to Mobile Banking Services 

Figure 2: Mobile banking adoption rates over time

Description: This figure plots the average number of mobile banking apps (upper panel) and app update
intensities (lower panel) over time across each bank type as defined in section 4. App update intensity is
defined as the ratio of total number of app updates (across both the bank’s App Store and Google Play
latest apps) over the number of years since the launch of the bank’s first app.
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Figure 2: Mobile banking adoption rates over time

Description: This figure plots the average number of mobile banking apps (upper panel) and app update
intensities (lower panel) over time across each bank type as defined in section 4. App update intensity is
defined as the ratio of total number of app updates (across both the bank’s App Store and Google Play
latest apps) over the number of years since the launch of the bank’s first app.
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Haendler (2023) 
How Mobile Technology is Reshaping the Banking Sector 

Large banks (esp. Big 4): 

▶ Adopt mobile technology faster 

▶ Invest more in improving mobile technology 

▶ Obtain larger market shares at the expense of small, local banks 



The Perils of Local Lending Market Concentration Figure 2: Local Lending Market Concentration and Access to Finance
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In both panels, KFS firms are sorted into four groups based on the concentration of the local lending market, which

we proxy as in Chen et al. (2017) as the sum of the market share of the top 4 US lenders in each Metropolitan

Statistical Area (MSA). The left panel reports the average share of KFS firms that have any bank debt on their

balance sheets in the first year of operations. The right panel reports the share of firms who have never issued any

bank debt throughout the first 8 years of operations, which Strebulaev and Yang (2013) label zero-leverage firms.

except for the most concentrated lending markets, for which the share of zero-leverage firms is

36%, or about 80% higher than in other lending markets.

These facts pair up with the result that the average yearly likelihood of accessing bank debt

throughout the sample period (firm-year-level sample) also declines with local lending-market

concentration, as illustrated in Figure 1 in the introduction.

Moving on to the intensive margin of financing—firms’ leverage—in the left panel of Figure

3, we average firms’ leverage ratio in the first year of operation (firm-level sample) by lending

markets by concentration and find that initial leverage is lowest for firms in the most highly

concentrated markets. The right panel considers the average logarithm of the dollar value bank

debt firms obtain in the firm-level-year data set to capture the actual average quantity of credit

local banks issue to local new firms. Because we focus on the intensive margin of financing,

here we only consider firm-year observations in which bank debt is positive. Once again, the

relationship is nonlinear and the amount of bank debt is lowest in the most concentrated local

lending markets.

This univariate analysis overall reveals that new firms that operate in more concentrated

lending markets have lower access to bank debt than other new firms founded in the same years

but operating in less concentrated lending markets.
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Bustamante and D'Acunto (2022) 
Banks' Market Power, Access to Finance, and Leverage 

New ˝rms in highly concentrated local markets: 

▶ Less initial debt, leverage at start operations 

▶ Less debt over ˝rst 10 years of operation 

▶ More likely to become a zero-leverage ˝rm 



Borrowing from a BigTech Platform 

J. Li, S. Pegoraro 



The Paper in One Picture 
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Introduction Set-Up Benchmark Models Equilibrium with Competition Information Conclusion

Segmentation by Credit Quality

⋆ Only banks lend to high-quality
merchants

• Banks’ competitive rate is too
low for the platform to beat

• Welfare ∼

⋆ Only the platform lends to
low-quality merchants

• Welfare ↑

⋆ Competition for
intermediate-quality merchants

⋆ The platform lends even when
monopolistic revenues < R̄
(case C )

f η̂ 1

1

A B
C

η

p
Platform Both Banks

1

Jian Li (Columbia), Stefano Pegoraro (Notre Dame) Borrowing from a Bigtech Platform

Low-quality lenders, more credit: stronger repayment enforcement BigTech platforms 

Ambiguous welfare e˙ects in the middle of the distribution 



Bene˝ts vs. Perils 

BENEFITS 

▶ Low-quality borrowers access credit because repayment enforcement easier 
on BigTech platform (fraction revenues on platform) 

PERILS 

▶ What happens to the welfare of the middle of the pack? 

▶ Higher repayment enforcement: Advantage vs. Disadvantage for BigTech 



More Bene˝ts of BigTech Lending: Information Figure 2: Payment verifiability and financing outcomes

Notes: This figure reports the 20-binned scatterplot of the offered interest rate conditional on a loan
approval against the share of cashless payments, controlling for application-month fixed effects.

40

Ghosh, Vallée, Zeng (2022) 
FinTech Lending and Cashless Payments 

BigTech observes higher share transactions: 

▶ Charges lower interest rates 
▶ Provides higher quantity debt 



More Perils of BigTech Lending: Information 
Figure 5: Effect of Perception Bias on Real-life Borrowing Amount

also borrow a higher amount of money in real-life. In particular, subjects in the
sub-sample (93% of the whole sample) with loans equal to or less than RMB 5,000
borrow RMB 1,360.80 per month, which is higher than the RMB 1,118.56 borrowed
by those who do not exhibit bias. The difference is significant, with a p-value equal
to 0.03 under the two-sample t-test; see also Figure 5.

We elicit subjects’ real-life borrowing interest rate by asking them to indicate
their interest rate on a scale of (1) less than 5%; (2) between 5% and 10%; (3)
between 10% and 15%; (4) between 15% and 20%; (5) between 20% and 25%; (6)
between 25% and 30%; (7) between 30% and 35%; (8) between 35% and 40%; (9)
more than 40%; and (10) don’t know. Conditional on knowing their interest rate,
the average level is 1.74, which is about 8.7%.

Column 3 of Table 7 shows the OLS regression where the dependent variable is
the interest rate level the subject pays in their real-life. It reveals that subjects who
exhibit perception bias pay about a 11.49% higher interest rate (estimated based
on 0.19x5%; 1/8.7=11.49% higher relative to the average interest rate) in their
real-life borrowing. This result also reveals that subjects with better self-control
pay lower interest rates. In particular, the coefficient on commitment to limit
borrowing is -0.23, which implies that such a commitment leads to about 13.22%
lower interest rate (estimated based on 0.23 x 5%=1.15%; 1.15/8.7=13.22% lower
relative to the average interest rate). The coefficient on borrow self-control equals
-0.17 which implies each level of better self-control leads to 10.34% lower interest
rate (estimated based on 0.17 x 5%=0.9%; 0.9/8.7=10.34% lower relative to the
average interest rate). One additional degree of financial distress leads to an 9.2%
higher interest rate (estimated based on 0.16x5%; 0.8/8.7=9.2% higher relative
to the average interest rate). Subjects with financial education experience on
average pay about 10.92% higher interest rate. Further, an additional level of
better financial literacy leads to 3.44% lower interest rate. Single child subjects
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Electronic copy available at: https://ssrn.com/abstract=3799787

Li et al. (2021) 
What Drives Excessive Borrowing or Under-Borrowing? 

A Field Experiment 

BigTech observes who misunderstands transactions & ˝nance: 

▶ More aggressive borrowing ads... 

▶ ...knowing that they will be more likely to: 

▶ accumulate debt AND 

▶ be able to repay 



When Cryptomining Come to Town: 

High Electicity-Use Spillovers to the Local Economy 

M. Benetton, G. Compiani, A. Morse 



The Paper in One Picture 

If cryptomining, after 2015: lower GDP, investment, wages 

Use Bitcoin price to insturment supply-driven local electricity ∆price 



Bene˝ts vs. Perils 

BENEFITS 

▶ E°cient functioning crypto transactions 

▶ Positive transfer to cryptominers 

PERILS 

▶ Neglected cost that transmits to local economic outcomes: energy prices 

▶ Potential redistributive e˙ects? 



The Perils of Cryptomining and Policy 

Carbon emissions produced by intensive energy consumption 

▶ Same externality as other industries. Treat in the same way policy-wise? 

Neglected cost that transmits to local economic outcomes: energy prices 

▶ How di˙erent from traditional energy-absorbing industries? 

▶ Potential redistributive e˙ects? Who wins vs. loses 
▶ How do we quantify the bene˝ts to compare to the costs? 

▶ Do we worry costs bore by ˝rms/workers that transmit the shock more directly 
to aggregate outcomes? 

▶ Policy? 
Should we target cryptomining or peculiar energy pricing strategies? 



Wrapping Up 

The Bene˝ts and Perils of FinTech 

Papers emphasize and open questions about both 

Policy/regulatory challenges yet to be understood... 
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